What makes your
customers tick?

Revealing how data can drive
segmentation and inform next
best action.
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What do we mean by smarter segmentation?

Segmentation is the process of dividing
customers into distinct groups that
exhibit shared behaviours.

Why do we segment?

e Targeting

« Relevance

* Planning & Development
« Strategy




Current Segmentation Methods
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How can we get smarter?

* Sophistication - lets looking for nuance
across all the data we have

« People change, we learn more, people act ///\\/“
different depending on what’s going on <
around then so segmentation must
become More Dynamic
=} 7/ o
Using Automated Machine Learning allows o

for highly tailored/sophisticated groups,
utilising a vast range of information and can
be dynamic and responsive to how
customers change and respond to our
interactions.



How Do We Segment with Machine Learning?

(Unsupervised vs. Supervised)

Classification

Clustering
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Supervised learning
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Beyond Segmentation

If our segments are becoming
more and more dynamic and
nuanced, why do we group at all,
lets treat everyone independently
as we are all unique. Hyper-
personalisation is the evolution

of segmentation. *o- -

We can shift from tailoring for ' =
groups to creating individualized
experiences.
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Product Recommendations

Dynamic Content
Offers
Email Campaigns

outsell companies that have not by more than 30%.”


https://www.dynamicyield.com/lesson/web-personalization/

The challenge of implementing personalisation
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What Is the Next Best Action?

If we consider a users entire journey
and relationship with a business, can
we define for a given moment and
time what should we do next? Even if
sometimes that’s waiting.




Build from the bottom up

Not all businesses are ready to integrate hyper-personalisation,
but that doesn’t stop us from modelling there.
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We already have the data..
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Challenges and Considerations

Just to name a few...

* Privacy Concerns

« Algorithmic Bias

* Lack of Transparency

* Consent and Control

* Reinforcing Stereotypes
« Upskilling




Conclusion

Segmentation Is a step on the
road to hyper-personalisation,
but personalisation does not
come easily, nor is it without its
OWn ISSUes.

Leveraging machine learning
and Al lets us achieve
personalisation and allow us to
engage with each customer
uniquely.
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